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This comprehensive report delves into the fascinating journey of harnessing the potential of two
dynamic tools, Show Analytics and Explore Report Data, to convert a complex and intricate raw
data set into a format that is not only easily accessible but also teeming with analytical value.
Central to our narrative is the monthly death rate data set, which we sourced from the reputable
Data.Gov platform (Data.Gov https://catalog.data.gov). While this data undoubtedly holds rich
insights, it initially presents itself in a form that requires a degree of refinement to unlock its full
potential. Here, the Show Analytics and Explore Report Data functionalities serve as our guiding
light in this transformative journey.

As we progress through the subsequent sections of this report, we unveil the pivotal role played
by these functionalities in the process of optimizing data and enhancing its accessibility. We
delve deep into their functionalities, exploring how they enable us to gain a comprehensive
understanding of their profound impact on enriching the overall value of the report.

We invite the reader to embark on a journey that encapsulates the essence of data transformation.
While navigating through the intricacies of the Show Analytics and Explore Report Data
functionalities, we witness raw data evolving into a powerful tool for informed decision-making.
With each section, we peel back the layers of complexity to reveal the hidden gems of insights
within this data set.

This report does not merely showcase the application of tools; it narrates the story of data’s
transformation from raw numbers to actionable intelligence. It underscores the importance of
these tools as facilitators of data-driven decision-making and demonstrates how data can be
harnessed to its fullest potential to create a resource that is both accessible and replete with
analytical richness. Our exploration of these tools is not just a technical exercise; it is a testament
to the transformative power of data when placed in capable hands.


https://oureports.net/HelpDesk/HelpDesk.aspx
https://oureports.net/OUR/Index1.aspx
https://catalog.data.gov/

How to import Data set Step by step:
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& Tainng  Us toths ¢
page

Online Data Analytics and
Reporting

Automatically analyzes data in your existing database or your file, and generates
reports, charts, maps, dashboards, provides interface for ad hoc reports and
statistical research, matrix balancing, makes the creation and processing of reports
convenient, simple, and accessible for end users and administrators alike.
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craata by Show Report Ean copy
Csvemo43_1_16_2020_1_SOPMI Country Areas lecked copy
CHdemodd. 4_2023_10_17AM Alzhaimar odit copy.
Csvaemod3_7_22_2021_3_31PM Arts Comp edit copy
csvdemodd_S_31_2020 2_34PM Cowid (test) odit copy
CHV0EMO43_7_1B_2020_3_19PM1 Cowid 2020 edit copy
Csvdemodd_3. 18_2021_12_06FM Cowid 2021 sdit copy
CHVIEMO43_3_ 22 2021_12_45PM Cowid Daily by Stale edit copy
cvdemod3 3 22 2021_11_5TAM Cowid Daily Vaccination edit copy
CHVIEMO43_3_22_2021_12_59FM Cowid lalest edit copy
CHVIEMO43_3._15_2021_10_47AM Cowid Vsccination by Country sdit copy
CHVIEMO43_3._30_2021_10_42AM Cowid Vacinalion by Siaie in US adit copy
Gsvdemod3_6_1_2022_1_21PM Crime 20182018 edit copy
Cotemots_10_15_2029.9_36°M g;sm;;;’uc 2024_budget_recommendatons_postions_snd_salaries on 10-15- -
covdemodd_10_16_2023_12_23AM Data imported into car_accidents_tempe_2023 on 10-16-2023 12.23-13AM edit copy

Data imported into car_accidents_lempe_lrom_2023 on 10-15-2023 7-42-24 PM it copy

Data imported into eanhquakes_last_month on 11-6-2023 9-48-29 PM odit copy

Data imported into Trultpnces2020 on 10-15-2023 8-24-58 PM odit copy.

Data imported info mass_shoating_states_years on 10.18.2023 12.22.-28 AM edit copy

Data imported inta Mmontniy_counts_of_deaths_ests on 10-16-2023 8-21-58 PM odit copy
Ccsvdemod3_10_30_2073_8_19°M Data imported info NYPD_Shooting_Incident_2018_2022 on 10-30.2023 8.18.20PM  edit copy
csvdemodd, 23_2023_7_35PM Data imparted into real_sstate_2020_connacticut! on 10-23-2023 7-35-18 PM edit copy
cswdemodd_10_Z3_2023_11_13PM Data imparted into school_atlendance on 10.23.2023 11.13.05 PM edit copy
cowdemoda_1_8_2023_12_48AM Data imported into tobacoo_survey_1969_2017 on 11-6.2023 12-46-12 AM st copy

Data imported into vegetable_prices_2020 on 10-15-2023 82837 PM edit copy



Data Import

Insert into new table: < 2

or into existing table: [ v
([ delete all records from the table before upload csv file delimiter: [, ]|
Select file to upload: [Choose File(s) 44_
or from web site: [https:i/
Upload formatted file(s) into table(s).
Result:
Report Title:
%
Data Query Text:
7“7
Date and Time of Import:
Vz
Report ID
csvdemod43_10_31_2023_2_28AM Data imported into youth_tobacco_survey_data on 10-31-2023 2-28.20 AM edit copy delete
csvdemod3_1_12_2023_10_50AM Electric cars edit copy delete
csvdemo43_7_14_2022_9_33AM Feed Grain Export and Import edit copy delete
csvdemod3_7_14_2022_1_34PM Feed Grain text edit copy delete
csvdemoda_7_8_2022_9_27AM Feed Grains edit copy delete
csvdemod3_7_24_2021_1_29PM Gross Domestic Product GDP byArea edit copy delete
csvdemod3_9_2_2023_1_27PM Import into table industry1 edit copy delete
csvdemo43_8_31_2023_1_05PM Import into table industry1 edit copy delete
csvdemo43_8_13_2020_1_12PM Import sample edit copy delete
csvdemo43_3_15_2023_1_35PM Input csv or else edit copy delete
csvdemod3_7_24_2021_9_12AM Macro Economics edit copy delete
csvdemod3_10_16_2023_8_a3PM monthly counts_of deal mmm— edit copy delete
csvdemod3_7_28_2021_9_00AM Nasdaq edit copy delete
csvdemod3_3_13_2023_10_05AM Natural Gas Future edit copy delete
csvdemod3_7_24_2021_12_23PM Personal Income By Area edit copy delete
csvdemod3_10_25_2023_10_25AM Real Estate CT edit copy delete
csvdemod3_7_18_2022_11_0BAM Sample Sales Records by year edit copy delete
csvuser17_3_28_2020_6_32PM States Population and Areas edit copy delete
csvdemod3_5_15_2020_11_0BAM States Population and Areas with colors edit copy delete
csvuser17_3_16_2020_2_12PM Storms 1950 paths edit copy delete
csvdemod3_5_11_2020_5_47PM Storms 1950 paths - Maps edit copy delete
csvdemod3_d_9_2020_4_d6PM Storms 1950 paths 2 edit copy delete
csvdemo43_5_25_2020_2_40PM Storms Damage, Area and Population by States edit copy delete
csvdemod3_10_9_2023_7_13PM Table 11affordable_housing_by_towns_2011-2022 updated on 10/9/2023 7-13-00 PM  edit copy delete
csvdemo43_10_9_2023_7_41PM Table affordable_housing_by_towns updated on 10/9/2023 7-41-38 PM edit copy delete
csvdemod3_10_9_2023_7_10PM Table affordable_housing_by_towns_2011-2022 updated on 10/9/2023 7-10-25 PM edit copy delete
csvdemo43_10_9_2023_6_S3PM Table affordable_housing_by_town_2011-2022 updated on 10/9/2023 6-53-26 PM edit copy delete
csvdemod3_10_9_2023_6_56PM g?géﬁzzﬂgﬁableihcusmgjy /_town_2011-20221092023656pm updated on 10/0/2023 4 copy delete
csvdemod3_10_9_2023_7_43PM Table affordable_housing_towns updated on 10/9/2023 7-43-35 PM edit copy delete

O AOPAAXnbn immmmrtad intn ~mrthmanlban
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First of all Here is an overview of the data set:
monthly counts of death

County

Chemung
Chemung
Cayuga
Chemung
Cayuga
Chemung
Cayuga
Chemung
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga
Cayuga

Year
2003
2004
1994
2005
1995
2008
1996
2007
1997
1998
1999
2000
2001
2002
2003
2004
2005
2008
2007
2008
2009
2010
201
2012
2013
2014
2015
2018
2017
2018
2019
2020
2021
2022

high
high
mid
high
low
high
low
mid
mid

mid
high
high
high
high
high
high
high
mid
high
mid
mid
high
mid
high
high
high
high
mid
mid
mid
mid
high

mid

AliCause

213051
219691
265355
219911
227047
214310
242712
230021
224423
223600
211175
218951
214404
209905
223535
227191
224528
213051
219691
218951
214404
216951
221317
243390
265355
219788
233735
245323
230021
244283
227191
224528
213051
219691

NaturalCause

193541
198767
247269
199453
211028
194685
224708
212140
207336
205087
193014
197673
195312
191754
204815
208249
205011
193541
198767
197673
195312
197673
195312

52346

46226
202283
215657
227341
212140
224696
208249
205011
193541
198767

2993
3222
4194
3134
3559
3138
3723
3459
3342
3204
3019
3151
3236
323
3390
3480
3257
2993
3222
3151
3236
3191
3236
8053
6809
3315
3517
3846
3459
3773
3480
3257
2993
3222

MalignantNeoplasms

47587
49792
52346
50593
46226
48688
51192
48258
48745
50072
48055
50112
50196
48835
50889
48574
49589
47587
49792
50112
50196
50112
50196
11638

9477
48800
50462
51863
48258
51566
48574
49589
47587
49792

DiabetesMellitus

6051
6221
8053
6282
6809
6175
7106
6851
6568
6479
6076
6251
6173
6012
6566
6522
6626
6051
6221
6251
6173
6251
6173
10005
6402
6582
6860
7392
6851
7108
6522
6626
6051
6221

Alzhe



Explore Report Data:
We can see here that we have for options in wich we can export the table we have into
four different type of files Excel, CSV, Delimited File, XML

But before that if we clicked on Explore Report Data itself we should have the
following:

hide duplicate records Export delimiter: D Reset Help for this page
Data for report: monthly counts_of_death rSearck_\ v || v | ] [ Search -]I
e E—
I.\'a(urnlCauseI All ~ Jmonth[Al v Jrate[Al s | Apply |

Epof e —

County Yearmonth rate AllCause NaturalCause SepticemiaMalignantNeoplasms| DiabetesMellitus AlzheimerDisease InfluenzaandPneumonia ChronicLowerRespiratoryDiseases OtherDiseasesofRespiratory Sysiem
Chemung 2003 4 high|213051 193541 2993 47587 6051 2687 3391 1703 3058
Chemung2004/5  nigh[219691 198767 [3222 49782 6221 9038 3412 11681 [3051
Cayuga 19947 mid (265355 [247259 4194 52346 3053 11638 10005 16769 3797
Chemung20056  |high[2198711 199453 3132 50583 6282 3981 3293 11464 2907
Cayuga | 19958 low [227047 211028 3550 46226 5200 0477 6402 14196 3245
Chemung|20067 high|214310[194685 3138 43688 6175 0077 3307 1107 2938
Cayuga 19969 low [242712[224708 3723 51192 7108 o790 5601 15185 3668
Chemung 2007/8 _|mid [230021 _|212140 3459 48258 6251 8729 5162 13986 3288
Cayuga |1997/10  |mid [224423 207336 3342 48745 6568 2850 4878 13982 3306
Cayuga [1998 11 low [223600 |205087 [3204 50072 6479 8674 4709 13376 [3108
Cayuga 199912 mid [211175 [193014 3019 48055 6076 2109 3679 11946 2983
Cayuga |2000(1 high[216951 197673 3151 50112 6251 2361 3476 1473 2906
Cayuga 20012 high[214404 [185312 3236 50196 6173 2345 3439 10768 2877
Cayuga |20023  |high[209805 [197754 3123 43835 6012 3419 3378 10729 (2844
Cayuga 20034 high|223535 [204815 3390 50339 6566 9368 3883 1675 3057
Cayuga 20045 high|227191 |208249 13480 43574 6522 9479 5088 13634 13277
Cayuga 20056 high|224528 205011 3257 49589 6626 9274 4053 12809 3232
Cayuga (20067 high[213051 193541 2993 47587 6051 2687 3391 1703 3058
Cayuga 20078 mid [219691 198767 3222 49792 6221 9038 3412 11681 3051
Cayuga |20089  |nigh|216951 |197673 13151 50112 6251 8361 3476 1473 2008
Cayuga 200910  |mid [214404 [195312 3236 50196 5173 2345 3430 10768 2877
Cayuga |2010(11__|mid 216951 |197673 3151 50112 5251 2361 3476 1473 2908
Cayuga 2011]12  high[221317 [195312 3236 50196 6173 2345 3439 10768 2877
Cayuga |2012]1 mid 243390 [52346 2053 11638 10005 16769 3797 4079 3005
Cayuga 20132 high|265355 |46225 6809 9477 6402 14196 3245 4344 2578
Cayuga |2014/3 Inigh[219788 202283 13315 48800 6582 l9408 3763 11749 3141
Cayuga |2015/4 high[233735 [215857 3517 50452 6260 10112 4449 13193 3353
Cayuga_|2016/5 high[245823 227341 3846 51863 7392 10612 5295 14331 3705
Cayuga |2017]6 mid (230021 [212140 3459 48258 6251 o729 5162 13986 3266
Cayuga |2018]7 mid (244283 224596 3773 51566 7108 10076 6208 15417 3668
1234

We can see two Options:

1- Applying specific variable such as month (we can choose more than one variable at
once) when apply this we should have a result demonstration what we have chosen. And
we will see that in the following steps.

2- Search option and for the option we can see that we have three field from left to right:
[ Variable ] [equality operation ] [ Specific value as a determiner of the equality ]



Data for report: monthly counts_of death &

NaturalCause| All v |mopth[All v Jifate[ Al ~ | Apply |

Al

] It: Excel
County |Year,month|rate |AllCause|; ause|Septicemia/ MalignantNeo|
Chemung|2003|4 high|21305 Z— 2993 47587
Chemung|2004{5 high|21969) | 3222 49792
Cayuga |1994|7 mid [26535p |.:: 4194 52346
Chemung|2005|6 high|219911 |199453 3134 50593
9 hice qupicate records Export delimirer: E Reset Help for this page

Data for report: monthly counts_of_death
NaturalCause[Al 4 month(3_ v lato'AII v | Apply |

y
Export to Excel

Search: | v v | [ search

m!x Yealmnnthtate \AlICause NaturalCause §_gptlnemia MalignantNeaplasms DiabetesMellitus AlzheimerDisease InfluenzaandPneumonia chronicLowerResmr_g_@_ryDlseases OtherDIsensesomesmry_gy_gt_e;m

Cayuga  |20043 igh(209805 191754 3123 48835 6012 8419 3378 10729 2844

Cayuga  [20143 igh219788 202283 3315 48800 6582 9408 3763 11749 3141

Chautaugua| 19903 igh(219911  |199453 3134 50593 6282 8991 3298 11464 2907
Cattaraugus|199qf3 igh|243298 226621 3944 51101 7344 8305 7929 15078 3466

Cl Juaj20043 igh[223535 1204815 3390 50889 6566 9368 3883 11675 3067
Chautauqua/20143 igh[214310 |194685 3138 48688 ]6175 9077 3307 11107 2936
Cattaraugus|20033 igh|266365 247269 4194 52346 8053 11638 10005 16769 3797

Chemung  |199Q43 igh(243330 225948 3798 51106 7163 10182 6442 14242 3482
Cattaraugus|20143 igh|245823 1227341 3846 51863 7392 10612 5295 14331 3705

Chemung  |20033 igh{224528 |205011 3257 49589 6626 9274 4053 12809 3232

Cayuga  [199Q3 highj205274  |188322 2918 48331 5810 7238 3362 10426 2696

hide duplicate records Export delimiter: D I Reset Help for this page

Data for report: monthly counts_of_death Search: [ Year vl v ] [2000 | [ Ssearch

NaturalCause] All W fmonth(3 v |!ﬂtc|AII v |Apply]
xport to Excel

AllCause NaturalCause Septicemia|MalignantNeoplasms DiabetesMellitus|AlzheimerDisease InfluenzaandPneumonial ChronicLowerRes
e ——————— ] —_—

209905 |191754 3123 48835 6012 8419 3378 10729
219788 202283 3315 48800 6582 9408 3763 11749
223535 |204815 3390 50889 6566 9368 3883 11675
214310 |194685 3138 48688 6175 9077 3307 11107
265355 (247269 4194 52346 8053 11638 10005 16769
245823 (227341 3846 51863 7392 10612 5295 14331
Chemung |(2002j8 high|224628 205011 3257 49589 6626 9274 4053 12809

We can see as the result the data set we have received have both the variable we have
chosen which is the third month and searched for years larger then 2000. The result is
every third month of a year over 2000.




¢ Explore Report Data
1 © Export Data to Excel
2 © Export Data to CSV
3 @ Export Data to Delimited File

4 © Export Data to XML

First We should Understan the difference between each one of them:

1) Excel: Exporting data to Excel involves converting your data into a Microsoft Excel
spreadsheet. Excel is a widely used spreadsheet application that allows you to organize, analyze,
and visualize data. When you export data to Excel, it typically retains formatting, including cell
colors, fonts, and formulas, making it suitable for creating structured reports and performing
calculations.

2) CSV (Comma-Separated Values): CSV is a plain text format used for tabular data. In a CSV
file, each line represents a record, and values within each line are separated by commas (or other
delimiters like semicolons or tabs). CSV files are easy to create and are highly compatible with
various applications, making them a common choice for data interchange.

3) Delimited File: Similar to CSV, delimited files use a specific character, such as a comma,
semicolon, or tab, to separate values within a file. Delimited files provide flexibility in choosing
the delimiter character, making them suitable for situations where a different delimiter is
preferred over a comma.

4) XML (Extensible Markup Language): XML is a structured, text-based format used to
represent and store data in a hierarchical and machine-readable manner. It allows for custom data
structures, making it suitable for complex data with nested elements. Exporting data to XML
involves creating a structured XML document where data is enclosed within defined tags,
providing a high degree of flexibility in representing diverse data types.



Here is an example of one file that | have exported using the export data to Excel tool

through OUReports.

= m ) Header Row First Column 8

Now we are going to add some parameters and show that step
by step:

First step:
First we should pick Report Format Defination to have Report
Prameters on the menu.

Second step:
This page will shows up and then you can see add parameter
button onn the top right.

o Log Off;
© List of Reports

© Report Definition
< Report Parameters

© Share Report (Users)

& Report Data Query

<
L=
<
Rl

0 0 0 0 O

Data fields
Joins

Filters

Sorting
* Report Format Definition

Advanced Report Designer
Columns, Expressions
Groups, Total

Combine Values

Map Definition

+ Explore Report Data

o

<

<
o

Export Data to Excel
Export Data to CSV
Export Data to Delimited File
Export Data to XML

&+ Show Report

© 0 0 0 0

Show Generic Report
Show Report Graphs
Export Report to Excel
Export Report to Word
Export Report to PDF

& Show Analytics

0 0 0 0 O

See Data Overall Statistics
Export Overall Statistics to Excel
See Groups Statistics

See Fields Correlation

Matrix Balancing



Ouline Data Analytics and Reporting

oot Je—— Report Defnion - manthly counts_of_ desth Paramers
«LnRgen

BpmDraQuy  oRgoifoma  vheenlsh  Pinmdim Ve

T,
)

[

Help
edit delete down
edit delete  up

Third step:

A pop up will appear and we can either select parameters or enter definition manually

Definition Method

Choose "Select Parameters" for SQL based reports only or choose
"Enter Definition Manually" for stored procedure or SQL based reports.

[SeJect Paramelers]

—

Enter Definition Manually] [ Cancel J

Forth Step:
We can choose the desired

parameters then submit them.

SELECT REPORT PARAMETERS/FILTERS

[ monthly_counts_of_deathstest0.County
[monthly_counts_of deathstest0.Year <«
monthly_counts_of_deathstest0.month < —
monthly_counts_of _deathstest0.rate
[CJmonthly_counts_of_deathstest0. AllCause

& monthly_counts_of_deathstest0. NaturalCause <«
I monthly_counts_of_deathstest0.Septicemia

[ monthly_counts_of_deathstest0.MalignantNeoplasms
monthly_counts_of_deathstest0.DiabetesMellitus

[ monthly_counts_of_deathstest0. AlzheimerDisease
[Jmonthly_counts_of_deathstest0.InfluenzaandPneumonia v

‘Gubmitl’arametersb' Cancel I

Fifth and Final Step:
Now we can see that we have a list
of three parameters.




Advanced User Report Definition - monthly counts_of_death

Report Data Query » Report Format »ReportInfo  Parameters  Users

L)
monthly_counts_of_t MNaturalGause NaturalCause ‘— NaturalGause int SELECT DISTINGT MaturalCause FROM manthly_counts_of_t ORDER BY NaturalCause
monthly counts of deathstest0.manth month S— month int SELECT DISTINCT ‘month’ FROM monthly counts of deathstestd ORDER BY ‘month
monthly_counts_of ¢ rate. rate. < rate. nvarchar SELECT DISTINCT rate FROM menthly_counts_of_ ORDER BY rate

Adding Groups (Groups and totals):

o Log Off; 2

o List of Reports 1 a@s and Totals
¢ Report Definition <g—

¢ Report Parameters
¢ Share Report (Users)
(= ¢ Report Data Query
© Data fields
0 Jons

© Filters  Stats for Column

& Soting rate month rate/month 0 0 1 delet
(3 ¢ Report Format Definition

o Advanced RepontDesinee Save Groups and update report:
& Colunns, Expressions
o Groups, Total

0 Combine Values

© Map Definition

First we should pick Report Format Defination then choose the Groups and Tools option and select
the desired value for each drop list.

Totals for Column: Friendly Group Name:
v | County

Groups and Totals
ad oup
County ~ | County v |@Emonth ) Add/Update Group
Stats for Column
rate month rate/month 0 (] 0 delete

Save Groups and update report:

And here we finally have added a new group successfully




08 mont

Show Analytics:

By clicking on Show Analytics we will see the folllwoing:

LY {0 agqregate

Recalculale Analyics  Corelabon  Dats and Statistics

Count v

AlCause
CarsbrovascularDiseases
County

County

County

DiseasesolHaar
NatwalCause

Tale

Tale

CategoryiGroup 2

Tale
CarsbrovascularDiseases
County

Tale

Year

DissasesoMaan
MalgnantNeoplasms
Tale

Year

Reportand Charts  List of User Dashioards  Marix Balancing Help Log off
monthly counts of death - Analytics
trix ba qo ations by the field 4

Matrix/Pivot Bar Chart Pie Chart Line Chart Datarecords  Dashboard Matrix Balancing  Charts

il b it 7] il gsbon] ol o
bar ] ng delalrepot  stals dashooard  acvanced tharts
et o ] fellvgot  gllidihboa]  hanced hry

il b i g Walepl G med g

ma bar b g defalrepot  stals dashooard  acvanced charts
bar g ng elairepot  stals dashboard  advancad tharts

il it o ] Qelplrepod  flatsGasthowd  NGNGRY hiry
L) ] ] Qofalregot ot Gosnboard - gAnGRg hars

mali bar ] [} delairepot  stals dashooard  acvanced charts

In the first square in the left we can determine the field we desire and choose whatever aggregation
function we want based the data. On the secon square we can see have some advanced option which will
only work advance matrix balancing only. And inside the the pavel we can choose some visual
demonstration options such as pie chart or bar chart and many more.

9 records

LAl to 1ggregate:

¥
NephritisNephraticSyndromeandMephrasis
‘SymptomsSignsandAbnamalCiinical

H

Category/Group 1
AllCause

Recalculate Analytics

CerebrovascularDiseases

County

County

County
DiseasesofHeart
NaturalCause
rate

rate

Correle

Categ

rate
Cereb
Count
rate
Year
Disea:
Maligr
rate
Year




to aggregate: 1y o

Count
CountDistinet jory/c
Mazx 15
Min
g

Avg rovas
Silev lf
Walue ‘".i'r

Cnninty

IGroup 2
“fear
matrix bar [ menth
N rate
iscularDiseases bar EAHCause
bar [ NaturalCause
i Seplicemia
matr!x M R MalignantNeoplasms
matrix bar [ DiabetesMellitus
sfHeart bar n AlzheimerDisease
; P 7 InfluenzaandPneumaonia
NeOplaSmB _matl'lx M dChmnicLowerRespimmryDisaas& I
bar p OtherDiseasesofRespiratorySystem
. — 1 itisMephroticSyndr dMephrosis
matrix M SymptomsSignsandAbnomal Clinical I

DiseasesofHeart
CerebrovascularDiseases

Mator'ehicleAccidents

Now after seeing the options we have for each drop list we can go and see some visual illustration for the
data we have and we will take each one of the options we have starting from Matrix and ending up with
charts:

Category/Group 1 Category/Group 2 MatrixPivot ~ Bar Chart Pie Chart Ling Chart Datarecords  Dashboard  Matrix Balancing Charls
AlCause Tale maix bar pié ling detalreport  slals dashboard  advanced charts
CerebrovascularDiseases CerebrovascularDiseases bar ne ling ireport  slaisdeshboard  advanced charts
Counly Gounty bar pié ling dotalreport  slals dashboard  advanced charts
County rafe matiy et 3 ling falepor  slatsdashboard  advanced charts
Gounly Year malrix bar D ling detail report slats dashboard ~ advanced charts
Diseasesofteart DiseasesofHear bar D ling detal report sats deshboard  advanced charts
NafuralCause MalignantNeoplasms matrix bar pie ling detal report slats dashboard ~ advanced charts

fate fafe ling defailrepot et dashboard _advanced cherts

M
E X

We have chosen county and rate as Rate, Year and 2 respectively, and selected pie chart for the
representation.
1. Matrix:



monthly counts_of death
NaturalCause:  ALL, manth: AL, rate: ALL,
Sum of Allcs

Sum
Allcause:

rate\Year By rate:

high 12880568
oW 2785116
mid 10738160

By Year:

1990

911873
0
0

211873

1981

0
0
854342

854342

Send seport link to email address: Share

Download Report Definition file

Dot qotey: SELECT monty_cowss_of_ dawttet = FROM moesily_couet_of Sttt

Bar:_

monthly counts_of_death
NaturalCause:  ALL, month:  ALL, rate: Al
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. 1990 1993 1996

1891 1994 (NN 1997
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Pie:

1992

878603
o
o
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Sum of AllCause in group by rate, Year
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H
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o
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0

0
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2000
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0
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[
o
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o
o
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monthly counts_of_death

NaturalCause: ALL, month: ALL, rate: ALL,

Sum of AllCause in group by rate, Year

W high - 1990 mid- 1994 NN low - 1998 high-2002 NN high-2005 W mid-2010 W high -2014 mid - 2017 mid - 2020
mid- 1991 W low - 1995 mid-1999 N high-2003 WM mid-2007 W high - 2011 high-2016 S mid - 2018 NN high - 2021
W high - 1992 low- 1596 NN high-2000 W high - 2004 high - 2008 mid-2012 WM high-2016 M mid-2019 NN mid - 2022
mid - 1993 WM mid - 1997 N high - 2001 WEE high - 2005 mid-2009 WM high - 2013
1/9/2023 11

Lastimported from the file Montnly_Counts_of DeathstestO.csv on 10/16/2023 :4:

4. Line:



monthly counts_of_death

NaturalCause:  ALL month: ALL rate: ALL

Count of AllCause in group by rate, Year

= 1980 1993 1986 1929 2008 —— 2011 =—— 2013 206 207
1991 1994 —— 1997 2000 2009 2012 24— 2016 2018
—13ez 1996 = 1366 = 2001 2010

Detail Report:

NaturalCause[All ~ Jmonth Al W Jratef A s | Apply

Graphs: axis X (fate ~ | and [Year ~ |, axis Y [AlCause ) B sumonc, aggregate [Sum W] raverse group arde

ssRSrepors: [ Matix | ((DrDown | [ Bar | [ Pe ] [ une ]

- S S ~ 1 ~ L | BT _

WA oL b b @ Find | Next e, =

L T ey — — — — —— — — ]

Subtotals Of AliCause For: rate high

Count: Sum Max i Ava SiDew. CniDist
57 12880568 265355 205274 225,974.88 13,670.37 26
[ = |
Subtotals Of AliCause For: rate low
Count Sum. Max Min. Ava. SiDev. CotDist

12 2795116 265355 204687 232,926 33 21,280 81 10

Y EEEEEEEEEEEEEEEEE——————

Subtotals Of AliCause For: rate mid

Sount Sum Max Min Avg, SiDev, CoiDist,
45 10738160 265355 208013 22371167 12.487.45 23
| |Overail totals Of AliCause
Count Sum. Max Min, Avg. SiDev, LoiDist
17 26413844 265355 204687 225759.35 1426236 3

Stats Dashboard:

Chart type: | PieChart v

FPiaChart
BarChart l [

LineChart

SteppedAreaChart
ScatterChart
ComboChart 4

ColumnChart 5
E]

unt of records in group oy

8
9

This option can be performed in nine different form we will go through each one of them.
e PieChart:
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AreaChart:

Back Chart type
Count of racards In group by [rata, Year]
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SteppedChart:

Chanttype: [Sieppedireathar |
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ScatterChart:
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e ComboChart:

Back Charttype: [GombaCrart w7 | .
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8. Charts:

Chart type
X A Vi Aggregation function:
[aisvear =] [Cae ¥ Em v

Sum of [AllCause] in group by [rate, Year]

@ Figh 1920
@ righ1ee2
® high2000
® Figh200t
@ righzz
© high2003
® high2uoe

® highz00s
@ righ2000
2

@ maz20i8
@ ma2m0
@ mazz

Here we can notice that we have five different options for Show Analytics.

¢ Show Analytics
¢ See Data Overall Statistics
¢ Export Overall Statistics to Excel
© See Groups Statistics
© See Fields Correlation

¢ Matrix Balancing

See Data Overall Statitiscs:



Here | have used the data overall statistics to have full overview of the data set using the By group we
have mid in the previous step and selectedRate(Mid) variable to show data.

Data for report: monthly counts_of_death
NaturalCause[Al onth[AT v Jrate{mid Vv | Apply |

Search| v V)| ([ sean |

County plasms piratory§ phritisNe
Cayuga id 4079
Chemung 50 4307
Cayuga d 3302 4478 447
Cayuga 019 8109 %79 3881
Cayuga d 3222 12 3845
4 236 8346 3439 3797
Cayuga id 3151 8361 76 3935
Cayuga 1 52346 11638 3797 4979
Cayuga mid 3459 4301
Cayuga 773 4652
Cayuga id 3480 4124
Cayuga 257 405 4082
Cayuga id 3222 U12 3845
Chautaug 4 d 138 3307 3723
Chautaug id 3203 8319 3604 3681
Chautau id 192 3875 3954
Chautaug id 3559 4344
Chautaug [ 192 375 3054
Cattaraugu 4 d 3214 7315 4064
Catiaraugu [ 125 i 4512 3002
Catfaraugu d 3105 7266 40% 3080
Chautaug id 151 3361 76 3035
Chautaug id 3151 8361 TG 3935
Chautaug id 236 8346 439 3797
Chautaug 1 I 322 3412 3845
Cattaraugu 031 312 3778
Cattaraugu: d 3203 8319 3804 3681
Chautauq 192 3075 3954
Chautaug id 3798 4543
Chautaug 4079
12
2 nide supiicate recoras. Export delimiter: D Help for this page
i - Field - Count/Count Distinct|First Value Last Val Sum Min | Max | Average | StDev 95% ClI Var
[County 1714 Chemung |Cayuga | | | |
[Year 17|33 Eges 1993 |234567 [1990 |2022 [2004.85 [9.43  [2004.85 +-1.71 88.94
nth 1712 6 768 1 12 [6.56 323 [6.56 +-0.59 10.44
? n7_ 3 g |
ICause 117133 844 .35/14262.36/225759.35 +- 2584.3
|NaturaiCause 17 g 31573.09|200867.77 +- 5721.11/996859764.06|
Septicemia 17 |§_5 [809.25 [3490.44 +- 146.64 _ |654892.44
17|35 7271.57 |48303.17 +- 1317.62 |52875773.07
DiabetesMelitus ___|DiabetesMellitus 17 |3_5 i&“ 7163 "&‘&WM
AlzheimerDisease AizheimerDisease 1735 8687 10182 [1086684 [6755 |16769 [9287.9 |1530.32 [9287.9 +-277.3 2341864.59

OtherDiseasesofRespiratorySystem |OtherDiseasesofRespiratorySystem 117 3058 3482 367070 |2578 |3797 |3137.35 |292.64 [3137.35 +- 53.03 85637.83

InfluenzaandPneumonia InfluenzaandPneumonia 17|36 3391 6442 524628 |3245 |10005 |4484 1487.84 |4484 +- 269.6 2213669.93
ChronicLowerRespiratoryDiseases ronicLowerRespiratoryDiseases 117 |35 11703 14242 1445093 |4344 |16769 |12351.22 |2149.31 |12351.22 +- 389,46 |4619551.16
34
33

pl 2p pl P 17 3927 4543 699066 3631 63190 |5974.92 |10016.66|5974.92 +- 1815.04 |100333432.62|

SymptomsSignsandAbnormalClinical tomsSignsandAbnormalClinical 117 E_: @45 3409 356801 |2449 13576 |3049.58 [1833.15 |3049.58 +- 332.17 _ |3360456.23
DiseasesofHeart DiseasesofHeart 117 49210 57992 5952484 |11040 |63190 [50875.93 [8317.15 |50875.93 +- 1507.08 |69174966.17
CerebrovascularDiseases ICerebrovascularDiseases 117 l:_: 10980 12630 1319368 |2350 |13576 |11276.65 |1799.63 [11276.65 +- 326.1 3238671.13

117 13289 11971 1422151 |3215 |14245 |12155.14 |1865.01 [12155.14 +- 337.94 |3478250.48
MotorVehicleAccidents MotorVehicleAccidents 117 13_5 3542 3095 367820 |1124 [3642 |3143.76 |494.16 [3143.76 +- 89.54 244189.48

117 |33 3726 3394 436826 |3091 4354 |3733.56 |253.27 |3733.56 +- 45.89 64143.35
AssaultHomicide |AssaultHomicide 117 1 1657 1411 176852 |1050 [1804 |1503.01 |175.42 [1503.01 +-31.79 I3_0773.81
DrugOverdose DrugOverdose 17|34 5128 4002 539943 |3733 |6403 |4614.9  |581.17 |4614.9 +- 105.31 337756.27
[indx indx 17|17 1 17 l6s03 |1 17|59 33.92  [59+-6.15 1150.5
Data for report: monthly counts_of_death Search: [ Dl v | [ seacn |

NaturalCause{Al___ = Jmonth{Al s Jrate{mid_~ [Apply]

Export overall Statistics to Excel:



And here | have used the second tool which is Export overall statistics to Excel and the special feature of
this tool is that it is giving a quick and yet useful pieces of information such as the confidence level,

Average and Standard deviation.

Statistics for Report: monthly counts_of_death
NaturalCause: ALL

month: ALL

rate: ALL

Friendly Nar Field Count Count Distin First Value Last Value Sum Min Max Average StDev 95% ClI Var
|Caunty County 117 4 Chemung Cayuga [
Year Year 117 33 2003 1993 234567 1990 2022 2004.85 9.43 2004.85 +- 1. 88.94
month month 117 12 4 6 768 1 12 6.56 3.23 6.56 + 0.59 10.44
rate rate 117 3 high mid

AllCause AllCause 117 33 213051 243390 26413844 204687 265355 225759.35 14262.36 225759.35+ 203414948
NaturalCaus NaturalCaus 117 35 193541 225948 23501529 46226 247269 200867.77 31573.09 200867.77 + 996859784
Septicemia Septicemia 117 B5] 2993 3798 408381 2918 8053 3490.44 809.25 3490.44 +- 1¢  654892.44
MalignantNe MalignantNe 117 35 47587 51105 5651471 9477 52346 48303.17 7271.57 48303.17 +-{ 52875773.1
DiabetesMe DiabetesMe 117 35 6051 7163 771982 5802 10005 6598.14 661.58 6598.14 +- 11 437694.69
AlzheimerDi AlzheimerDi 117 35 8687 10182 1086684 6755 16769 9287.9 1530.32 9287.9 +- 277 2341864.59
Influenzaan Influenzaan: 117 35 3391 6442 524628 3245 10005 4484 1487.84 4484 +- 269.t 2213669.93
ChronicLow: ChronicLow: 117 35 11703 14242 1445093 4344 16769 12351.22 2149.31 12351.22 +-: 4619551.16
OtherDiseas OtherDiseas 117 34 3058 3482 367070 2578 3797 3137.35 292.64 3137.35+-5:  85637.83
NephritisNe| NephritisNe| 117 33 3927 4543 699066 3631 63190 5974.92 10016.66 5974.92 +- 1¢ 100333433
SymptomsSi SymptomsSi 117 32 2545 3409 356801 2449 13576 3049.58 1833.15 3049.58 +- 3: 3360456.23
DiseasesofH DiseasesofH 117 35 49210 57992 5952484 11040 63190 50875.93 8317.15 50875.93 +-{ 69174966.2
Cerebrovasc Cerebrovasc 117 35 10980 12630 1319368 2350 13576 11276.65 1799.63 11276.65 + : 3238671.13
AccidentsUr AccidentsUr 117 35 13289 11971 1422151 3215 14245 12155.14 1865.01 12155.14 +  3478250.48
MotorVehicl MotorVehicl 117 35 3542 3095 367820 1124 3642 3143.76 494.16 3143.76 +- 8¢ 244189.48
Intentional$ IntentionalS 117 33 3726 3394 436826 3091 4354 3733.56 253.27 3733.56 +- 4!  64143.35
AssaultHom AssaultHom 117 31 1657 1411 175852 1050 1804 1503.01 175.42 1503.01+ 37 30773.61
DrugOverdc DrugOverdc 117 34 5128 4002 539943 3733 6403 4614.9 581.17 4614.9 +- 10! 337756.27
Indx Indx 117 117 1 117 6903 1 117 59 33.92 59+ 6.15 1150.5

Lastimported from the file Monthly_Counts_of_Deathstest0.csv on 10/16/2023 8:43:57 PM

Group Statistics:

In this section of the report, | will illustrate the utilization of the Group Statistics tool, which has enabled
me to transform the dataset into a visually engaging chart. This chart presents a comprehensive overview
of key details, enhancing the clarity and facilitating a straightforward comparison of the data at hand.

Group Statistics: monthly counts_of_death Schedule report  Help

e[ Al v Jmonth[Al v .
X [AllCause — ~ | and|[rate ~ |, axis Y [month N | 8 numeric, aggregate [§] [\ | reverse group order
(Soogle chans ] [ Dashboara statstics ] ssrsrepons: | mawx ] ((omoown ] [ Bar ) [ e ] ([ wne
L Records returned: 117 Search: |
H 41 of1 b K @ JFind I et b -
monthly counts_of_death - Groups Statistics
@
Sum: Max Min: Avg: StDev CntDist: First: Last
279 12 1 4.89 289 10 4 5
<]
Sum; Max Min; Avgy StDev. CniDist, Eirst, Las|
112 1 8 933 1.30 3 8 1
o]
Sum: Max Min: Avg: StDev: CntDist: First: Last
377 12 1 7.85 290 9 7

After applying the fields we desire we would have the set of data in the below picture.



Group Statistics: monthly counts_of_death Schedule report  Help
NaturalCause[All ~ Jmontu[Al v Jrate[low ~ [ Apply |

Graphs: axis X [AllCause v | and [rate v |, axis Y [month

(soogie cnans | [ Dasnboara statistics | ssrsrepots: [ Max | ((omoown ] [ Bar ] ([ Pe ] ([ ue ]

v | B numenic, aggregate [Sum ] reverse group order

Records return v Vv Search
4 41 Jora b b ¢ [ |Fndinext
monthly counts of death
rate/month low
County Year month rate AliCause NaturalCause Septicemia MalignantNeoplasms  DiabetesMellitus  Alz§eimerDisease
Cayuga 1995 8 low 227047 211028 3559 46226 6809 9477
[Cayuga 1996 9 low 242712 224708 3723 51192 7106 9790
Cayuga 1998 11 low 223600 205087 3204 50072 6479 8674
[Chautauqua 1995 8 low 243390 225948 3798 51105 7163 10182
[Chautauqua 1996 9 low 265355 247269 4194 52346 8053 11638
[Chautauqua 1998 11 low 242712 224708 3723 51192 7106 9790
Cattaraugus 1995 8 low 204687 187644 2947 48103 5802 6755
Cattaraugus 1996 9 low 209373 192035 312 49259 5983 6990
[Cattaraugus 1998 11 low 205274 188322 2918 48331 5810 7238
[Chemung 1995 8 low 265355 46226 8809 9477 6402 14196
[Chemung 1996 9 low 210788 202283 3315 48800 6582 9408
[Chemung 1998 11 low 245823 227341 3846 51863 7392 10612
Subtotals of month for: rate/month low
Sum. Max, Min; Avg. StDev, CntDist. Eirst. Last
12 " 8 933 130 3 8 "

In the next picture we will visulize the data we have in three forms:

nonthly counts_of_death

v month[Al W Jratelow W -

W | and [rate ~ |, axis Y [month

e
E SSRSreuorls[ MamJ[DnHDovm][ Bar ][ Pie ][ Line ]

Schedulereport  Help

V) Brumece, aggregate [Sum W) reverse grou

Records returned: 12 Search: IS BN B2 | BN
M@ [ )rndiNe -

monthly counts of death

Year month AllCause NaturalCause Septicemia MalignantNeoplasms DiabetesMellitus AlzheimerDi¢
1995, low 227047 211028 3559 48226 6809
1996 9 low 242112 224708 3723 51192 7108

InfluenzaandF



1

monthly counts_of_death
monthly_counts_of_deathstest0.rate="low'

Sum of month in group by AllCause, rate

9
18
17
16
15
1
3
12
1"
‘o I I

9
8
7
6
5
4
3
2
1

0

. 0w

e Pie:

monthly counts_of_death
monthly_counts_of_deathstest0.rate="low'

Sum of month in group by AllCause, rate

N 204687 - low NN 209373 - low NN 223500- low NN 227047 - low

242712 - low NN 243390 - low [N 245823 - low 265355 - low
205274 - low 219788 - low



e Line:

monthly counts_of death

monthly_counts_cf_deathstestO.rate="low"

Sum of month in group by AllCause, rate

See Fields Correlation:
Before diving into this part we should have an idea about Correlation and what does it mean.

Correlation is a statistical measure that quantifies the degree to which two variables are related to
each other. It helps us understand the relationship between these variables, specifically whether
they move in a consistent way. Correlation does not imply causation; in other words, it doesn't
tell us that changes in one variable cause changes in the other. Instead, it indicates that there may
be a statistical association between the two variables.

Here's how correlation works:

e Variables: In a correlation analysis, you have two variables, often referred toas X and .
These can be any quantitative data, such as age and income, temperature and ice cream
sales, or test scores and study hours.

e Data Collection: You collect data points for both variables. For example, you might
gather information on the age and income of a group of people.

e Calculation: There are different methods to calculate correlation, with the Pearson
correlation coefficient (r) being the most common. It measures the strength and direction
of the linear relationship between two variables



Correlation is a powerful tool for exploring relationships in data, identifying patterns, and
making predictions. It's commonly used in fields such as economics, social sciences, and natural
sciences. However, it's important to remember that correlation does not prove causation. While
two variables may be correlated, there could be underlying factors or coincidences driving the
relationship. Further research and experimentation are often needed to establish causation.

Now we can introduce the fourth tool, known as the Field Correlation tool, proves to be
exceptionally valuable in assessing the degree of interrelation among the dataset variables.
Subsequently, we can represent this data using graphical aids, such as bar charts, to visually
convey the insights derived. To illustrate this, consider the following example:
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Field 1 Field 2 Correlation RDL Charts Dashboard
Coefficient

AccidentsUnintentionalinjuries AlzheimerDisease 0.57 bar charis slats dashboard
AccidentsUnintentionalinjuries CerebrovascularDiseases 0.79 bar charts stats dashboard
AccidentsUnintentionalinjuries ChronicLowerRespiratoryDissases 0.61 bar charts stats dashboard
AccidentsUnintentionalinjuries DiseasesofHeart 0.78 bar charts stats dashboard
AccidentsUnintentionalinjuries MalignantMeoplasms 0.84 bar charis stats dashboard
AccidentsUnintentionalinjuries MotorVehicleAccidents 0.81 bar charts stats dashboard
AccidentsUnintentionalinjuries NaturalCause 0.78 bar charis slats dashboard
AccidentsUnintentionalinjuries phrifi phroticSyndr 0.84 bar chars stats dashboard
AccidentsUnintentionalinjuries Seplicemia 0.79 bar charis slats dashboard
AccidentsUnintentionalinjuries SymptomsSignsandAbnormalClinical 0.84 bar charts stats dashboard
AlliCause AlzheimerDisease 0.69 bar charis stats dashboard
AllCause DiabetesMellitus 073 bar charts stats dashboard
AlliCause InfluenzaandPneumeonia 0.75 bar charis stals dashboard
AliCause OtherDiseasesofRespiratorySystem 0.61 bar charis slats dashboard
AlliCause Seplicemia 057 bar charts stats dashboard
AlzheimerDisease AccidentsUninientionallnjuries 0.57 bar charis slats dashboard
AlzheimerDisease AllCause 0.69 bar charis stats dashboard
AlzheimerDisease DiabetesMellifus 0.72 bar charis stats dashboard
AlzheimerDisease Malignanteoplasms 0.69 bar charis stals dashboard
AlzheimerDisease MotorVehicleAccidents 0.59 bar charils slats dashboard
AlzheimerDisease phrifi phroticSyndr 0.74 bar charts stats dashboard
AlzheimerDisease Seplicemia 0.82 bar charis slats dashboard
AlzheimerDisease SymptomsSignsandAbnormalClinical 0.74 bar charts stats dashboard
AssaultHomicide DrugOverdose 0.68 bar charis stats dashboard
AssaultHomicide IntentionalSelfHarm Suicide 0.66 bar charis slats dashboard
AssaultHomicide MoterVehicleAccidents 0.68 bar charis stals dashboard
CerebrovascularDiseases AccidentsUnintentionallnjuries 0.79 bar charis stats dashboard
CerebrovascularDiseases ChronicLowerRespiratoryDiseases 0.84 bar charts stats dashboard
CerebrovascularDiseases DiseasesofHeart 087 bar charts stats dashboard
CerebrovascularDiseases MalignantNeoplasms 08 bar charts stats dashboard
CerebrovascularDiseases NaturalCause 0.87 bar charis slats dashboard
CerebrovascularDiseases phrifi phroticSyndr 0.88 bar charts stats dashboard
CerebrovascularDiseases Septicemia 0.78 bar charts stats dashboard
CerebrovascularDiseases SymptomsSignsandAbnormalClinical 0.86 bar charts stats dashboard
ChrenicLowerRespiratoryDiseases AccidentsUnintentionalinjuries 0.81 bar charis stals dashboard
ChronicLowerRespiratoryDiseases CerebrovascularDiseases 0.84 bar charts stats dashboard
ChronicLowerRespiratoryDiseases DiseasesofHeart 0.34 bar charis slats dashboard
ChronicLowerRespiratoryDiseases InfluenzaandPneumonia 0.72 bar charis slats dashboard
ChronicLowerRespiratoryDiseases MalignantNeoplasms 073 bar charts stats dashboard
ChronicLowerRespiratoryDiseases NaturalCause 0.84 bar charts stats dashboard
ChronicLowerRespiratoryDiseases phritisHephroticSyndr 0.66 bar charts stals dashboard
ChronicLowerRespiratoryDiseases OtherDiseasesofRespiratory System 0.73 bar charts stals dashboard
GhronicLowerRespiratoryDiseases SymplomsSignsandAbnormalClinical 0.66 bbar charis slats dashboard
DiabetesMellitus AlliCause 0.73 bar charis slats dashboard
DiabetesMellitus AlzheimerDisease 072 bar charts stats dashboard
DiabetesMellitus InfluenzaandPneumonia 0.58 bar charts stats dashboard
DiabetesMellitus MoterVehicleAccidents 0.65 bar charts stats dashboard
DiabetesMelli 0.68 bar charis stals dashboard
eart AccidentsUnintenfionallnjuries bar charts stats dashboard
MiseasesofHeart | bar charts stats dashboard
sofHeart ChronicLowerRespiratoryDiseases bar charts stats dashboard
Diseases! PR 0.88 bar charts stats dashboard
DiseasesofHeart NaturalCause 0.99 bar charis stats dashboard

Here we can see that the highest Correlation coefficient is between Diseases of Heart and Cerebrovascular
Diseases. And we shell use the RDL chart and the charts to demonstrate that.
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Conclusion:

A meticulous and comprehensive analysis of a vast dataset spanning from 1990 to 2022 has
unveiled a multitude of compelling trends in the realm of mortality over this substantial twenty-
year period. Within this trove of data, one particularly striking revelation emerges - the
unwavering predominance of natural causes of death. Not only have these natural causes retained
their prominence, but they have also exhibited a discernible increase in prevalence over the
course of these two decades. To put this into perspective, in 1990, the number of deaths
attributed to natural causes stood at a substantial 188,322 cases in Cayuga County. As time
flowed onward, this figure experienced a steady ascent, ultimately reaching approximately
193,541 cases by the year 2022 in Cayuga County. This substantial upward trajectory in the
prevalence of natural causes of death is a trend that cannot be ignored and warrants earnest
consideration.

Simultaneously, the data underscores a noteworthy competition between heart issues and
Malignant Neoplasms, both vying for the position of the second most common causes of
mortality in Cayuga County. In 1990, heart problems were responsible for approximately 46,909
cases, while Malignant Neoplasms accounted for a notable 48,331 cases. As the years unfolded,
these numbers underwent transformations, and by the time 2022 rolled around, the statistics had
shifted to approximately 49,709 cases for heart problems and approximately 49,792 for
Malignant Neoplasms in Cayuga County. While the prevalence of heart problems remained more
substantial throughout the entire two-decade period, Malignant Neoplasms consistently posed a
significant health concern and emerged as a close and formidable second, challenging the status
quo.

In light of this data in Cayuga County, it becomes undeniably evident that there exists an urgent
imperative to address the issue of natural causes of death, as they present a substantial and
escalating public health challenge. The consistent upward trajectory in the numbers of cases
underscores the need for immediate attention and action in this regard. Moreover, this data serves
as a resounding reminder of the continued importance of persistent efforts aimed at combating
heart problems and Malignant Neoplasms. These two maladies have remained firmly entrenched
as the top two non-natural causes of mortality throughout the two-decade period in Cayuga
County. Their figures, while subject to some fluctuations, have largely remained stable,
emphasizing the critical nature of sustained initiatives in addressing and managing these health
concerns.

In conclusion, this in-depth analysis of data spanning from 1990 to 2022 provides a window into
the evolving landscape of mortality trends in Cayuga County. The findings resonate with the
importance of public health strategies and interventions, particularly in the face of the rising
prominence of natural causes of death. Furthermore, it underscores the consistent challenges



posed by heart issues and Malignant Neoplasms in Cayuga County, reiterating the need for
ongoing efforts in tackling these formidable adversaries to human health.

Sources: We have obtained our data set from a public website called Data.Gov
https://catalog.data.gov

Here is the link for our video:


https://catalog.data.gov/

