
DataAI ETL - What It Adds to Each Platform 
Incremental value DataAI ETL provides beyond each platform's native capabilities. 

Platform What the platform lacks 
natively 

What DataAI ETL adds 

.NET pipelines .NET has no built-in distributed 
data processing or AI-driven 
data quality layer. 

Spark-scale parallel execution, 
AI-driven normalization, quality 
scoring, and profiling across large 
datasets - all callable from C# 
code via NuGet, without building 
a custom Spark integration. 

SSIS SSIS runs on a single server; its 
built-in transforms (Fuzzy 
Lookup, Data Quality Services) 
are limited in scale and lack AI-
driven quality intelligence. 

Distributed Spark-scale 
processing and AI-driven quality 
functions (normalization, 
validation rules, profiling, matrix 
analytics) that SSIS cannot 
perform natively, with governed 
output tables SSIS jobs can then 
consume. 

InterSystems 
IRIS 

IRIS Analytics (DeepSee) covers 
in-database reporting and SQL 
analytics but has no external 
Spark-scale ETL quality 
pipeline. 

Spark-scale AI ETL processing of 
IRIS data via JDBC, producing 
governed output tables with 
quality scores, normalized fields, 
and profiling metrics that IRIS's 
built-in analytics do not generate. 

Oracle AIDP 
Spark 

Oracle AIDP provides Spark and 
Oracle Data Quality rules, but 
lacks domain-specific AI ETL 
functions for normalization, 
time-series, market analytics, 
and matrix balancing. 

A library of specialized AI ETL 
functions - quality scoring, 
normalization, market/time-
series/matrix analytics - that 
extend Oracle's native Spark 
runtime with domain-specific 
intelligence Oracle does not ship. 

Talend / 
MuleSoft 

Talend's built-in DQ 
components handle basic rule-
based checks; MuleSoft 
DataWeave handles 
transformation but has no AI-
driven quality or analytics 
functions. 

Spark-scale AI quality scoring, 
normalization, and analytics 
functions beyond what Talend's 
DQ components produce - and 
pre-governed output tables that 
MuleSoft flows can consume 
without replicating that logic in 
DataWeave. 



Platform What the platform lacks 
natively 

What DataAI ETL adds 

Alteryx Alteryx runs in-memory on a 
single node; its Fuzzy Match 
and Data Cleanse tools are 
heuristic and row-by-row, not 
Spark-scale AI-driven. 

Spark-scale distributed execution 
and AI-driven quality functions 
(normalization, profiling, 
validation, matrix balancing) that 
Alteryx's single-node engine and 
built-in prep tools cannot match 
at production data volumes. 

Power BI Power Query / dataflows handle 
reshaping and basic cleaning 
but have no AI-driven quality 
scoring, normalization pipeline, 
or Spark-scale processing. 

An upstream AI ETL quality and 
normalization layer that produces 
governed, validated output tables 
before data reaches Power BI - so 
Power Query sees clean, 
consistent data rather than 
having to implement quality logic 
in M or DAX. 

Tableau Tableau Prep is a visual ETL tool 
but has no AI-driven quality 
scoring, normalization 
functions, or Spark scalability. 

Spark-scale AI ETL quality and 
normalization upstream of 
Tableau, plus a ready-made 
Accelerator workbook wired to 
governed DataAI output schemas 
- so Tableau connects to already-
validated, structured data rather 
than raw pipeline output. 

AWS (Glue / 
EMR) 

Glue DataBrew provides basic 
rule-based quality checks and 
Glue DynamicFrames handle 
schema drift, but neither offers 
AI-driven ETL quality scoring, 
normalization, or domain 
analytics. 

Specialized AI ETL functions - 
quality scoring, normalization, 
profiling, market/time-
series/matrix analytics - that 
extend what Glue Spark jobs and 
DataBrew quality rules can do 
natively, running entirely within 
the customer's AWS account. 

Databricks Delta Live Tables provides 
expectation-based quality 
gates and MLflow covers model 
tracking, but neither supplies 
domain-specific AI ETL 
functions for normalization, 
time-series, market, or matrix 
analytics. 

A catalog of domain-specific AI 
ETL functions (normalization, 
quality scoring, profiling, 
market/time-series/matrix 
analytics) that complement DLT 
expectations with richer, 
opinionated intelligence 
Databricks does not ship out of 
the box. 
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Google Cloud 
(Dataproc) 

Dataplex quality rules cover 
constraint checks and 
Dataproc/Dataflow run 
Spark/Beam jobs, but there are 
no built-in AI ETL normalization 
or domain analytics functions. 

Specialized AI ETL functions - 
quality scoring, normalization, 
profiling, and domain analytics - 
that run inside the customer's 
existing Dataproc Spark jobs, 
adding ETL intelligence that 
Dataplex quality rules and native 
Spark do not provide. 

 


